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13 pages?!?!?!!! 

Yes, but it’s a quick and easy read with lots of screenshots and no technogibberish, so you should be 

able to get through it in 20 minutes or less. If not, I’ll give you your money back. 

ChoiceBot’s patent-pending core technology is based on a fundamentally new approach called 

“emotional trade-off processing”, which is very different than the technologies on which conventional 

product selection and decision-assisting tools are based (and I’ve examined hundreds, if not thousands 

of them over the last three years…)  In this document, you’ll learn what emotional trade-off processing 

is, and why it’s different. Bonus sections include… 

 Why you already know that 99% of product selection tools on e-commerce sites don’t work well. 

 How ChoiceBot determines which product is #1, which product is #2, etc. 

 Why creating spreadsheets to help you make purchase decisions doesn’t. 

 Four other types of decision-assisting tools that should work, but don’t. 

I should mention that all of the information in this document is basically trivia, intended only for those 

who are interested in the thinking behind ChoiceBot, and in decision-making in general. It isn’t 

necessary for end users to understand any of this in order to experience the benefits of ChoiceBot. 

And now, the trivia… 

Why 99% of product selection tools on e-ŎƻƳƳŜǊŎŜ ǎƛǘŜǎ ŘƻƴΩǘ work 

You’re house-hunting. You go to a major real estate website with 10,000 homes for sale listed in your 

city. You click on the website’s “House finder” tool, and enter the following criteria:  

 $300,000 to $450,000 

 Three or more bedrooms 

 In any of five neighborhoods 
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500 results. There’s no way you’re going to review 500 choices, so you narrow your criteria. You lower 

the maximum price from $450,000 to $400,000. Four or more bedrooms, instead of three or more. Just 

three great neighborhoods, instead of five. 

107 results. A bit better, but still too many to sift through without going bonkers. How about one 

neighborhood instead of three? 

Zero results. Whoops. How about two neighborhoods? 

24 results. Still a lot, but manageable. 

You start sifting through the final 24 results, but a little voice keeps nagging at you in the back of your 

head… What if your dream home is in one of the three neighborhoods that you had to eliminate? Those 

neighborhoods were just fine, after all. What if your dream home has three bedrooms, but you’re not 

seeing it because you had to raise the minimum to four bedrooms in order to get a manageable number 

of results? What if your dream home is $425,000, and you’re not seeing it because you had to lower 

your maximum price to $400,000 to cut down the number of results, even though you’d be willing to go 

as high as $450,000 if a house has a great combination of features? 

The little voice in the back of your head is right. In this scenario, there’s a 90%+ chance that the house 

with the overall best combination of price and features ŘƛŘƴΩǘ ƳŀƪŜ ƛǘ into your final set of results. 

There’s even a 60% chance that your ten overall best choices were all filtered out. 

What the…? Why do product selection tools routinely and randomly filter out your best choices? And 

why can’t you just enter one set of criteria –your real, actual buying criteria- instead of having to 

experiment with “fake” criteria in order to get a manageable number of results? What’s going on here? 

What is going on here 

As you’re probably aware, most product selection tools on e-commerce websites are based on the 

process of elimination. You enter narrower and narrower criteria, and the number of choices that meet 

those criteria gets lower and lower until you get a manageable number of choices. Using the process of 

elimination, your first search in the real estate story above got rid of 9,500 unacceptable choices out of 

10,000. Narrowing your criteria even more should get you from 500 good choices to 50 really good 

choices, and further narrowing them should get you to a top five, right? Well, as the real estate story 

illustrates, no. 

After your first search, the 500 homes that remained were all basically acceptable. Some were amazing 

choices, and some were mediocre choices. Unless you happened to stumble across a four-bedroom 

home in an ideal neighborhood and that was also dirt cheap, however, even the overall best choices still 

represented some kind of compromise, and had one or two less-than-ideal features.  
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Problem is, ȅƻǳ ŘƻƴΩǘ ƪƴƻǿ ǿƘƛŎƘ ƭŜǎǎ-than-ideal features your best choices have. Maybe your dream 

home only has three bedrooms, but its attractive price and great neighborhood more than compensate. 

Or maybe it’s a little pricey, but its four bedrooms and great neighborhood more than compensate.  

So, when you narrow any single criterion from “acceptable” (e.g., three or more bedrooms) to “ideal” 

(e.g., four or more bedrooms), you wipe out the fantastic choices that have that one less-than-ideal 

feature, right along with the terrible choices that also happen to have it. The choices that remain AREN’T 

your overall best choices, they’re the ones that happened to survive the random culling. 

(In case you’re wondering why you need to narrow your criteria beyond your minimum criteria and risk 

accidentally wiping out your best choices in the first place, if you’re like most human beings, you already 

know why: Any more than about a dozen choices represents too much information for most people to 

deal with (I’ll explain why in a minute), and in the current age of vast product selections, there are 

almost always more than a dozen choices that meet a given consumer’s real minimum criteria. Because 

there are many dozens of good TV choices for a typical consumer, hundreds of good digital camera 

choices, thousands of good vacation packages, etc., you nearly always have to narrow your criteria well 

beyond your real minimum criteria in order to get a manageable number of results, so you nearly always 

end up inadvertently filtering out some -or all- of your best choices.) 

To sum up, once all of the remaining choices are acceptable, continuing to use the process of 

elimination is just as likely to filter out your best choices as your worst ones. The really crazy thing is 

that everyone knows this already (that’s where the little voice in the back of your head comes from). It 

can just be a little tricky to understand exactly why this happens until you think about it for a bit. 

So if the process of elimination is so random and inefficient, why are the vast majority of product 

selection tools still based on it? Hard to say for sure, but my own theory is that even software designers 

intuitively believe that the process of elimination should work. The process of elimination is also the way 

that databases “think” (i.e., in terms of “query matches” and “non-matches”), and software developers 

tend to carry this thinking over into the design of their product selection tools, even though it’s not 

necessarily the way that humans think. There’s also the fact that not basing a tool on the process of 

elimination immediately raises the question as to what it should be based on instead, a question that 

took us (i.e., ChoiceBot Inc.) more than three years to answer. 

Oh no, not trade-ƻŦŦǎΧ 

So how do you zero in on your truly best choices without having to sift through dozens/ hundreds/ 

thousands of good choices? How do you get to the top two or three best choices without accidentally 

eliminating them? 

Once all of the remaining choices meet your minimum requirements, you have to leave the simple, 

“black and white” logic of the process of elimination behind, and wade into the subjective, “shades of 

gray” realm of trade-offs: “House A is less expensive, but it only has three bedrooms and the 
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neighborhood isn’t as nice as house B, which is more expensive, but only has two bathrooms, which is 

not a huge problem, but not ideal…” etc., etc., etc. 

Problem is, trying to trade off the price, number of bedrooms and neighborhoods of 24 good house 

choices in your head is not just difficult, it’s physically impossible. To understand why this is, consider 

that this particular decision involves three aspects of 24 houses, which equals 72 pieces of information. 

To trade off 72 pieces of information against each other, you’d need to evaluate over 2,500 individual 

trade-off relationships ((72 x 71)/2). Now consider that there weren’t 24 choices that met your true 

minimum criteria in the real estate story, there were 500. Now consider that, for real estate and most 

other types of decisions, people care about more than three aspects of each choice…. For most purchase 

decisions, considering all available information about each viable choice would require you to consider 

hundreds (or more often thousands) of factors. 

Since the 1950’s, however, psychologists have known that most people can manipulate no more than 

about seven pieces of information in their head at the same time. This phenomenon is so well-

established that it has a name: “working memory capacity” (working memory capacity is why North 

American phone numbers have seven digits, by the way). Seven pieces of information is a lot less than 

72, so your brain physically can’t take the vast majority of the available information into account. 

Because ȅƻǳ ŎŀƴΩǘ ǘŀƪŜ most of the relevant information into account in ȅƻǳǊ Ŧƛƴŀƭ ŘŜŎƛǎƛƻƴΣ ȅƻǳΩǊŜ 

unlikely to choose the truly best choice, or probably even close to the best choice. Even when there 

are only 10 or 12 good choices to consider, there’s still far too much information for your limited 

working memory to handle. 

On some level, most of us know that we can’t keep track of more than a handful (brainful?) of 

information when making purchase decisions, which is why so many of us resort to creating 

spreadsheets to record all of the features of the products that we’re considering. The problem with 

spreadsheets is that they don’t actually make decisions. You still have to trade off all of the features in 

your head (or try to, at least…) in order to determine which of the choices is actually your best choice. 

This is why some people spend hours poring over their spreadsheets, even though all the information is 

nicely laid out in front of them. 

At this point, you should no longer be ashamed about feeling overwhelmed by these kinds of decisions 

(as many people do), and you should be listening more to the nagging voice in the back of your head (it 

was right after all...) When confronted with vast product selections, you can make a pretty good choice 

by just going with one of the products that meet your minimum criteria, but your chances of choosing 

the best choice (or even one of the 10 best choices) are, well, not good. 

L ǘƘƻǳƎƘǘ ǘƘƛǎ ŘƻŎǳƳŜƴǘ ǿŀǎ ŎŀƭƭŜŘ άIƻǿ /ƘƻƛŎŜ.ƻǘ ²ƻǊƪǎέΧΚ 

ChoiceBot isn’t based on the process of elimination. Right away, this sets it apart from nearly every 

other product selection technology on the market. Yes, ChoiceBot quickly relegates the obviously 

unacceptable choices to the bottom of the list (just as conventional product selection tools do), but 

http://en.wikipedia.org/wiki/Working_memory#Working_memory_capacity
http://en.wikipedia.org/wiki/Working_memory#Working_memory_capacity
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unlike conventional tools, it then ranks the acceptable choices that remain. The choices with the best 

“trade-off balances”, the best compromise of strengths and weaknesses in light of your unique criteria, 

bubble up to the top of the list. 

This means that you can focus on the top-ranked two or three choices in ChoiceBot, knowing that you 

won’t find anything more interesting further down the list –regardless of how long the list of acceptable 

choices is. ChoiceBot gets you from potentially hundreds of good choices to your two or three truly best 

choices, and it does it in just a few minutes. No fatigue, frustration or brain cell loss either. 

And exactly how does it do that?  

As the real estate story illustrates, trade-offs and compromises are what separate the merely acceptable 

choices from the overall best choices. Until ChoiceBot, though, the only way to do these trade-offs was 

in your head. Unpleasant, unreliable and, in most cases, impossible. 

Thank goodness, then, that the core technology that powers all ChoiceBot products is called the 

“ChoiceBot Trade-off Analysis Engine”. Essentially, the ChoiceBot Trade-off Analysis Engine does the 

(you guessed it…) trading off that you would do if you could consider all of the strengths and 

weaknesses of hundreds of good product choices in your head. ChoiceBot also only takes a second or 

two to do these trade-offs instead of days, which is convenient. 

Because it runs on modern servers with gigabytes of memory, ChoiceBot can consider every single 

feature of 500 (or 5,000) good choices without eliminating any of them. (You may have already noticed 

that in ChoiceBot, if there are 200 products available, it always returns all 200 products, ranked from 

overall best choice to worst.) In fact, ChoiceBot even ranks the unacceptable choices from worst to 

“worstest”, just in case you wanted to know that. 

When the dust has settled and the ChoiceBot Trade-off Analysis Engine has traded off every feature of 

every choice against every feature of every other choice in light of your criteria, a truly best overall 

choice emerges. It will have some strengths and possibly some weaknesses, but overall, it will be the 

choice that has the best combination of features, the best “trade-off balance” for you. 

How does ChoiceBot know how I would trade off features in my head? 

One of the main reasons why conventional product selection tools don’t work well is that they don’t 

allow you to communicate how you actually feel about features. To understand this problem, imagine 

you’re in a digital camera store and a salesperson asks you about price. If you’ve done a bit of shopping 

already, you might say something like this: 

άLΩm expecting to pay about $300 for a digital camera that meets my needs. I might go to $400 if the 

other features are really awesome, but $500 is out of the question. $200 would be a good deal (i.e., I 

might be willing to put up witƘ ǎƻƳŜ ƳƛƴƻǊ ǿŜŀƪƴŜǎǎŜǎ ŀǘ ǘƘŀǘ ǇǊƛŎŜύΣ ŀƴŘ Ϸмлл ǿƻǳƭŘ ōŜ ƎǊŜŀǘΦέ 
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When entering these criteria into a conventional product selection 

tool, you’re usually presented with an interface that looks 

something like one of those shown at left. 

Using these interfaces, though, what you end up entering looks 

like this: 

άLΩƳ ŜȄǇŜŎǘƛƴƎ ǘƻ Ǉŀȅ ŀōƻǳǘ Ϸолл ŦƻǊ ŀ ŘƛƎƛǘŀƭ ŎŀƳŜǊŀ that meets 

my needs. I might go to $400 if the other features are really 

awesome, but $500 is out of the question. $200 would be a good 

deal (i.e., I might be willing to put up with some minor flaws at 

that price), and Ϸмлл ǿƻǳƭŘ ōŜ ƎǊŜŀǘΦέ 

If a product selection tool doesn’t understand what your criteria 

actually are, it can’t make trade-offs or recommendations based 

on those criteria. Garbage in, garbage out, as they say in the 

software biz. 

When entering your criteria using the unique ChoiceBot interface, however, you’re able to communicate 

how you really feel about the feature in question (the sample criteria for price from the previous section 

are shown in the screenshot below, entered with complete accuracy). 

ChoiceBot is the first tool that 

enables you to communicate any 

criteria that you could explain to 

another human being, about any 

type of feature (price, brand, fuel 

economy, aesthetic design, etc.), 

with complete accuracy. With an 

accurate picture of what your real 

criteria actually are, ChoiceBot is 

able to build a very realistic model 

of your unique decision-making 

process, which is a nice segue into… 

How ChoiceBot determines which product is #1, which is #2, etc. 

When you set sliders in ChoiceBot, you’re actually “programming” the ChoiceBot Trade-off Analysis 

Engine to “think” about each feature the same way you think about it. It then uses this “programming” 

to create a simulation of your unique decision-making process. When a product’s features are run 

through the simulation, ChoiceBot generates an overall opinion about the product in question that is the 

same, or very similar, to the opinion that you would have about it if you were to consider it yourself. By 
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the time most people have set sliders for five or six features, ChoiceBot’s model of their decision-making 

process is sufficiently accurate to be able to recommend their truly best overall choice. 

Each time you set the sliders for a feature in ChoiceBot, two things happen: 

1. ChoiceBot’s simulation of your decision-making process is refined, more closely resembling your 

actual decision-making process. 

 

2. All of the available products are run through the simulation, and the product that generates the best 

“feeling” compared with the features of the other products is ranked first, the choice with the 

second-best “feeling” is ranked second, etc. 

DiŘ ȅƻǳ Ƨǳǎǘ ǎŀȅ άŦŜŜƭƛƴƎέΚ 

The ChoiceBot Trade-off Analysis Engine recognizes what many psychology researchers have known for 

decades, which is that any decision wherein you’re trying to choose the best choice for yourself from an 

array of options is an emotional decision. This sounds counterintuitive to many people, or even 

insulting. “When I’m choosing a laptop, I don’t base my decision on feelings… ” 

Yes you do, tough guy/girl. 

You’re scanning a web page that lists the features of a laptop that you’re considering: 

 4 GB RAM - Sweet 

 7 lbs - Yechh 

 2 USB ports – Meh 

 Quad-core processor – Wow! 

Let’s review: Sweet, Yecch, Meh, Wow! Emotional responses, every single one. You might as well have 

been watching a movie. When you make your final decision, you’re not trading features off against each 

other, you’re trading off emotional responses to features against each other. Wow versus meh? Wow 

wins. 

Still not convinced? Try this on: You’re considering two laptop models. One has a 120 GB hard drive, and 

the other has a 180 GB hard drive. Both meet your basic needs. Why do you prefer the 180 GB drive? So 

you can store more files on it. But why do you want to store more files? So you have to worry less when 

storing large files. And why do you want to worry less? So you’ll be happier. The difference between a 

120 GB drive and a 180 GB drive isn’t 60 GB, it’s happiness. 

You can play the “yes, but why do I want that?” game with any feature of any product, and it will always 

end the same. If, at the end of the day, a feature doesn’t affect your happiness in some way, you have 

no reason to care about it in the first place.  
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This conflicts with many people’s view of the way their own decision-making processes work, since they 

consider that they make objective decisions, not emotional ones. Objectively speaking, however, a 120 

GB hard drive and a 180 GB hard drive are merely different. One pile of atoms and another pile of 

atoms. What defines one product as “better” and another one as “worse” are your emotional 

responses, and only your emotional responses. Without emotions, every feature of every product would 

be neither appealing nor unappealing.  It would just be “there”. Taking emotion out of decision-making 

is like taking the finish line out of a race. People would have no idea where to run, when to stop, or even 

why they’re running in the first place. If forced to run, they’d just run in random directions (i.e., make 

random decisions). 

When people hear the words “emotional” and “decision-making” in the same sentence, what often 

comes to their mind would be better described as “aesthetic” decision-making. Decision-making where 

factors like aesthetic design, color, smell, style, texture, “cool factor”, etc. are the main considerations. 

“Emotional” decision-making and “aesthetic” decision-making are not the same thing, however. All 

“best choice for me”-type decisions are emotional, and a subset of emotional decisions are aesthetic. 

Hard drive capacity is an emotional consideration. Laptop color is an emotional consideration that’s 

ALSO an aesthetic consideration.”Touchy-feely” people tend to focus more on aesthetic considerations, 

while “feature geeks” tend to focus on non-aesthetic considerations. (They also tend to look down on 

the touchy-feelies with a completely false sense that they themselves make “unemotional” decisions.) 

What was I talking about again? Oh right… 

So what specifically is new or innovative about ChoiceBot technology? 

Psychologists have known for a long time that people’s “cognitive limitations” often cause them to make 

less-than-perfect decisions, but this knowledge did nothing to actually improve people’s decision-

making, or help them make complex decisions more easily. The problem was well-understood, but an 

understanding of the problem didn’t provide a solution. 

To actually address these limitations (without brain implants, anyway) and help people make better 

decisions in light of large amounts of information, what was required was an “emotional emulator”. A 

tool that could do the same emotional processing that we all do when trading off features in our head, 

but that would do it in an environment where thousands of pieces of information could be considered 

without causing a mental meltdown (i.e., on a computer). 

Developing such an “emotional emulator” presented many challenges. Two of the key ones were: 

1. Finding a way to enable people to accurately and quickly communicate their emotions about any 

decision factor in a way that a computer could understand without the help of a human interpreter; 

and 

 

2. Figuring out exactly how people combine emotions in order to come to decisions based on multiple 

considerations, and then modeling that in software. 
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The result of solving the first challenge was the ChoiceBot slider interface, which enables you to 

communicate just about any feeling that you can express in natural language, about virtually any feature 

(price, brand, style, megapixels, number of bedrooms, etc.), with complete accuracy. The current 

version of this interface is the fourteenth version, the first dozen or so versions being unable to 

understand certain types of feelings, or not working for certain types of features (like “Brand”, for 

example).  

The result of solving the second challenge was the ChoiceBot Trade-off Analysis Engine. This was 

developed largely by trial and error, and involved essentially “reverse-engineering” the way that people 

combine emotional information in their head in order to come to a decision. For every prototype 

version, we asked people if they considered that the choice that was ranked as the best choice by 

ChoiceBot was, in fact, their truly best choice. After about a dozen prototypes of the engine, the answer 

from users was consistently “yes”. The resulting algorithm, the heart of the ChoiceBot Trade-off Analysis 

Engine, is over three pages long so no, it’s not a simple weighted average scheme thank-you-very-much. 

In fact, the current ChoiceBot core technology required over three years of R&D, a lot of usability testing 

and many iterations before it became commercially viable. Given the hundreds of millions of dollars that 

large and small e-commerce companies have invested in developing product selection tools over the last 

decade or so, and the fact that most of them suffer from one or more of the limitations illustrated 

above, we feel pretty confident in saying that ChoiceBot contains some fairly significant innovations. 

Because the core ChoiceBot technology accurately emulates the way that people make “best choice for 

me” decisions generally, it can actually be used for a wide variety of decisions that have nothing to do 

with products. ChoiceBot could just as easily be used to search job sites, online dating sites, stock sites, 

or even for complex government procurement processes. (I even used it to figure out whom to vote for 

in the last federal election, though this was definitely an “off-label” use.) ChoiceBot Inc. is a small 

company at the moment, however, so we’re focusing on e-commerce for now. 

How do I know if the ChoiceBot engine works? That it recommends the truly best 

choice for me, based on my criteria? 

Unlike other product selection tools, ChoiceBot tells you why it recommends certain products over 

others. Below each product in ChoiceBot, you’ll find a “strengths and weaknesses” summary that shows 

all of the features that you’ll 

like and not like about that 

product, based on your criteria: 

Scanning the list of strengths 

and weaknesses of a product 

enables you to quickly form an 

opinion about that product, 

and gauge for yourself if it 

http://en.wikipedia.org/wiki/Weighted_average
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represents the truly best choice for you or not. Through rounds of usability testing and watching 

hundreds of people use ChoiceBot “in the wild”, we’ve found that people consistently agree that the 

top-ranked product in ChoiceBot is their truly best choice, all things considered. 

The strengths and weaknesses summary also makes it easy for you to see that the ranking of products 

hasn’t been surreptitiously manipulated by the vendor (or whoever provided the raw product data for 

the ChoiceBot). Even if ChoiceBot Inc. allowed such manipulation (which we don’t), it would be 

immediately visible to you as a user, because the strengths and weaknesses of top-ranked products 

wouldn’t line up with what you said you’d like and not like. 

What about other purchase factors, like average customer ratings, or reliability? 

In ChoiceBot, a “feature” can be any reason why you might prefer or not prefer a product. For example: 

Average user ratings:  

 
 
 

Ease of use: 

 

Reputed reliability: 

 
 
 

Vibe, baby: 

 
 

(Yes, that last one actually works as a feature in ChoiceBot.) 



 
 

ChoiceBot Inc.   |   123 Glynn Ave., Ottawa, ON, K1K 1S7    |    choicebot.com    |    1 (877) 538-9511 

²Ƙŀǘ ŀōƻǳǘ ƻǘƘŜǊ ǘƻƻƭǎ ǘƘŀǘ ŀǊŜƴΩǘ ōŀǎŜŘ on the process of elimination? 

A few tools based on other approaches have been developed over the years, however the fact that you 

may not have ever seen some or most of these types of tools pretty much sums up their popularity -in 

most cases, they weren’t an improvement over the process of elimination. 

ά²ŜƛƎƘǘ-the-importance-of-each-ŦŜŀǘǳǊŜέ ǘƻƻƭǎ 

When people think about trading off features, they often think of trading off features that are more 

important to them versus features that are less important. Intuitively, tools based on this principle 

should, therefore, work well. A few lesser-known commercial tools are based on this principle, and have 

interfaces that look something like this: 

I personally might put the slider for 

Price under “Very important” because 

it’s very important that the camera I 

buy be less than $500, ideally under 

$300. You might put the slider for 

Price under “Very important” because 

it’s very important to you that the 

camera you buy is below $1,000, but 

as long as it’s less than $1,000, that’s 

fine. See the problem? 

Things get even murkier when you talk about a feature like “Brand” in the context of a tool like this. 

What does “Brand is very important to me” actually mean? Which products get ranked more highly in 

that case? The Kodaks? The Nikons? The Canons? How much more or less “important” is each brand? 

Because such systems have very little idea what your criteria actually are, again, you end up with 

garbage in, garbage out. This is why they usually recommend choices that, as far as you’re concerned, 

have been more or less randomly selected. 

People sometimes assume that ChoiceBot is based on this approach, however ChoiceBot doesn’t have 

“importance sliders” (look closely at the ChoiceBot slider scale labels…), and is based on the entirely 

different principle of emotional trade-off processing. 

ά5ƛǎǘǊƛōǳǘŜ-points-to-ŦŜŀǘǳǊŜǎέ ǘƻƻƭǎ 

This approach involves allocating up to, say, 10 points for each of the features of a product, then adding 

up the points to give each product an overall score. The product with the highest score is, theoretically, 

the best choice. For example, you might use this approach to choose between two cameras, and end up 

with something that looks like this: 
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In this scenario, the Nikon got the highest 

score, and yet its image quality is so bad 

that you probably wouldn’t actually buy it. 

And yet, it has the highest score. There are 

many other situations when this approach 

recommends products that you would 

never actually buy, which is why you often 

need to add a “cheat” number, or some 

other arbitrary adjustment to force the 

scores to reflect a decision that you’d 

actually agree with. Even if you allocate a different number of points to each feature (price is worth 30 

points, megapixels is worth 10 points, etc.), the same problems occur. 

Product reviewers often use this approach to rate products, but end up being forced to add a 

“reviewer’s slant” number so that the scores actually reflect what they really think. Government 

procurement processes often use this approach as well, sometimes with catastrophic results. This 

approach also requires you to score every feature of every product, which isn’t very realistic when there 

are hundreds of good choices. 

The underlying problem with the “allocate points to each feature” approach is that it doesn’t reflect 

how people actually combine information in their heads to make decisions. For example, according to 

this approach, the impact of any feature on someone’s final decision is a constant (i.e., there is always a 

certain number of points available to be allocated to a feature). As the digital camera scenario 

illustrates, however, a single feature of a product can dominate how you feel about that product, 

overriding all of its other features. In other words, for one product, “image quality” might be worth 30% 

of its score, 90% for another product, and 10% for yet another product. There, now I’ve said too much 

already… 

Amazon and other collaborative filtering tools 

This is the technology that kicks in when a website recommends products to you based on your 

browsing behavior and that of other visitors to the same website. Recommendations are often 

presented as “other people who liked this product also liked this product” sections on shopping site 

pages. This approach works extremely well for what I call “taste-centric” products, like books, clothing, 

music, etc. Products that don’t really have “features” per se. 

For “feature-centric” products such as consumer electronics, cars, appliances, etc., however, this 

approach is less effective because browsing behaviors don’t convey specific criteria that you might have, 

such as the fact that a 42” TV won’t fit in your 40” shelf, or that you just read an article that said that 

plasma TVs are more vulnerable to burn-in than LCD TVs. Because you can’t explicitly communicate 

these basic criteria, collaborative filtering tools often end up recommending unacceptable products. This 

is why you don’t see this approach used nearly as often with feature-centric products. 



 
 

ChoiceBot Inc.   |   123 Glynn Ave., Ottawa, ON, K1K 1S7    |    choicebot.com    |    1 (877) 538-9511 

ChoiceBot is specifically designed to work with feature-centric products, and thus complements 

collaborative filtering tools very effectively. (Note that ChoiceBot can still understand “taste” features 

like “Design” or “Handling”, but it’s not recommended when personal taste is the only important feature 

of a product.) 

άLƴǘŜƴŘŜŘ ǳǎŜέ ǉǳŜǎǘƛƻƴƴŀƛǊŜǎ 

Some tools (sometimes called “wizards”) ask shoppers what they intend to use the product for, or what 

type of consumer they are, and recommend 

products based on their answers. 

While this type of tool has been available for 

years, it’s generally not particularly popular 

with consumers, and thus not found on many 

shopping websites. I believe that the 

underlying problem with this approach is that 

most people have at least a few specific 

criteria in mind when they’re trying to make a 

purchase decision (a specific price limit, for 

example), however “wizard” tools don’t allow 

them to communicate specific criteria. As a result, these tools often recommend choices that don’t meet 

those basic criteria (i.e., products that are too expensive, too large, etc.). 

In the rare cases where the recommended choices happen to line up with the shopper’s specific criteria, 

most shoppers still perceive the recommendations as quasi-random guesses, because the relationship 

between the responses they entered into the wizard and how the recommended choices were selected 

isn’t clear. 

Decision Support Systems 

Unless you happen to be an analyst working in the innards of a very large organization, chances are 

you’ve never come across one of these. Decision Support Systems are complex software programs that 

are designed to help people (or more commonly, organizations) make complex decisions based on large 

amounts of data. They’re generally so complex that days of training are required just to learn how to use 

them, which is why you don’t find them on shopping websites. Many Decision Support Systems are also 

not designed to select a best choice from an array of choices (as ChoiceBot is), but instead to 

recommend a set of actions (for example, planning the agricultural production of a farm for next 

season). 

Technically, ChoiceBot could be considered to be a Decision Support System, however we’re not aware 

of any such tools that implement ChoiceBot-like technology. Certainly, none are as easy to use as 

ChoiceBot. 

ά¢ƻ ŜǾŜǊȅ ŎƻƳǇƭŜȄ ǉǳŜǎǘƛƻƴΣ ǘƘŜǊŜ ƛǎ ŀ ǎƛƳǇƭŜ ŀƴǎǿŜǊΧ ŀƴŘ ƛǘΩǎ ǿǊƻƴƎΦέ -H.L. Mencken 

http://en.wikipedia.org/wiki/Decision_support_system

